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Visual Learning and Prediction of Motion

Patterns”

Tadashi Ogawa

Abstract

We studied Elman-type recurrent neural networks for predicting and classifying
spatio-temporal visual patterns. Computer experiments, using the complex tem-
poral data of human arm movements, demonstrated that the network model has
the following abilities; 1)short-term prediction, 2)long-term prediction, 3)learn-
ing multiple patterns from different viewpoints, 4)motion pattern classification,

h)view generalization, and 6)temporal adaptation for time scaling.

Keywords:

recurrent neural networks, view generalization, spatio-temporal prediction,

motion pattern classification, temporal adaptation
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